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There is Causality violation issue

"

Action in the future can not affect rewards in the past
"

* Causality
For example , let's assume we have single reward , at j -th time

step.
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the expectation stops at j- th term ,
all other terms cancel out .

Using the linearity of expectation , such as
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SO
, only causal terms matter,
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the reward is only affected by actions that came before,
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Quick Review .
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REINFORCE algorithm ( 1992 , Ronald Williams )
- Initialize policy Oo , and learning rate X
- For it : num- Iter :

For Jef : num- rollouts :

compute the grad . estimate Si -- Eejaeeg The latest) (Eire ' )
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what's
"
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* Diagonal Gaussian policy .

↳ p-dimensional Gaussian policy , HAA =p

NN takes in States and outputs mean
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To log TO (Atl St ) :
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↳ Automatic differentiation tool . ie , tensorflow

computes automatically .




